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Abstract

Luminosity is the key figure of merit of a collider, its integrated value being
proportional to the data collected by the physics detectors. The goal of a collider run
is to collect the largest possible integrated luminosity over the fized time allocated for
physics in order to maximise the probability of physics discovery. This study aims
at devising a strateqy to mazximise the integrated luminosity of a circular collider.
The research is carried out in two steps: the first one is devoted to optimisation
a posteriori of what was done at the CERN Large Hadron Collider during Run 2,
whereas the second step consists in the performance analysis of strategies to optimise
the integrated luminosity applied in conditions that simulate the control room situation

and the evolution of the collider’s run.






Introduction

Luminosity is the key figure of merit of a collider, its integrated value being
proportional to the data collected by the physics detectors. The goal of a collider
run is to collect the largest possible integrated luminosity over the fixed time

allocated for physics to maximise the probability of physics discovery.

So far, several ways have been considered to maximise the luminosity delivered
into a collider, like keeping small the amplitude function in the interaction point (as
planned for High Luminosity LHC) or increasing the bunches overlap regions (e.g.
thanks to Crab Cavities). This work examines what can be done in the control
room, choosing the appropriate timing in operations by referring specifically to
the CERN Large Hadron Collider, and proposes an algorithm that could help the

operators make the optimal choices.

The luminosity is not constant over time. Indeed, since the beams degrade over
various collisions, also the instantaneous luminosity decays. However, discarding
the current beams and refilling a large collider with new beams takes several hours
under normal working conditions. To optimise the integrated luminosity yield, it is
hence important to model the luminosity evolution and to predict the optimum fill

time.

In this work, after a theoretical introduction (see Chap. [l|and Chap. , the
evolution of luminosity is studied, and it is proposed a way to model it (see
Chap. [3). Subsequently, a preliminary a posteriori study is exposed in Chapter [4]
Here, the idea was to understand if, with complete knowledge of the luminosity
evolution of the realised fills, there was room for improvement in terms of integrated

luminosity. Based on this study, Chapter 5| devises an on-line optimisation strategy.



ii

Finally, Chapter [6] shows the results obtained applying the proposed strategy and
Chapter [6.4] sets out the next steps of this study.
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Chapter 1

Introduction to Accelerator

Physics

1.1 Beam Dynamics

In a circular particle accelerator, a charged particle is guided along the circular
closed orbit thanks to electromagnetic fields that exert the driving force as a Lorentz
Force

F=¢E+7VxB). (1.1)

In high-energy accelerators, like the CERN Large Hadron Collider (LHC),
electric fields, E, are used to accelerate particles along the longitudinal direction
of the motion, while magnetic fields, B , are dedicated to focus and bend particles

along the transverse plane.

1.1.1 Transverse Dynamics

In Fig. is represented the ideal orbit (i.e. the reference orbit), along which
a charged particle should be guided by the field generated by the synchrotron
magnets.

Considering a particle in a local co-ordinate system (z, z, s), moving with a

velocity U = (%, 2, §), subjected to a constant magnetic field along the Z direction,

1



2 1. Introduction to Accelerator Physics

; Particle

a0
Figure 1.1: The curvilinear co-ordinate system for particle motion in a circular

particle accelerator [1].

B., the condition that allows the particle to remain on the reference orbit is that
the centripetal force, acting on it, should be equal to the Lorentz force, namely

=2
TV _ e¥B,. (1.2)

Ty

From this derives the definition of beam rigidity, i.e. the stiffness of the

circulating beam under the effect of the magnetic guiding forces
sz = (13)

where p is the particle momentum and p is the bending radius of the orbit. Eq.
involves that, for maintaining the radius of the reference orbit constant, B, must
change as the momentum of the charged particle increases.

At this point, it is important to find the equation of motion of a charge particle
in a circular accelerator. Given the fact that the transverse dimensions of the beam
are small, it is possible to expand the magnetic field around the nominal closed

orbit using a multipolar expansion [2]

B, +iB, = g > (i + by (@ +i2)" 7, (1.4)
where a,, and b, represent the skew and normal magnetic components, respectively.
As aresult of this, the magnetic field around the beam is described by a superposition
of multipoles, each with a specific effect on the particle’s dynamics: by represents the

dipolar field that bends the beam, b; the quadrupolar field that focuses the beam,
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b, and b3 the sextupolar and octupolar fields, respectively, that are generating
higher-order effects in the dynamics.

Considering only the dipole and quadrupole contributions to the magnetic field,
beam dynamics is linear, and thus it is possible to find the two decoupled equations
of transverse motion, an inhomogeneous differential equation and a homogeneous

one [3]

" 1 —k(s) ) z(s) = L@
)+ (5~ H0) 79 = s (1)

2"(s) + k(s)z(s) = 0, (1.6)

where k (i.e. the quadrupole strength) and p (i.e. the radius of curvature) are
naturally periodic with a periodicity equal to the circumference of the accelerator,

and dp/po represents the deviation of the particle’s momentum from the nominal

one. The two Eqs. (1.5) and (L.6)), are called Hill Equations|

In a generic homogeneous case, i.e.
z"(s) + k(s)z(s) =0, (1.7)
the general solution of the Hill equation can be expressed as

z(s) = C(s)xo + S(s)xj
(1.8)
2'(s) = C'(s)xg + S'(s)xy,

and they can also be expressed in function of the so-called transfer matriz M

C(s) S(s)] [x()] (1.9)

/
)

where C'(s) is the solution of the homogeneous equation with C'(s) = 1 and S(s) =0
while S’(s) is the solution with C’(s) = 0 and S’(s) = 1. For this choice, C(s)

!These equations were introduced in 1886 by George W. Hill in his studies on periodic

differential equations.
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and S(s) are called cosine-like and sine-like functions, respectively, or principal
trajectories.
To find the solution of the inhomogeneous Hill Eq. (1.5 it is necessary to

introduce a dispersion term D(s)

z(s) = C(s)xg + S(s)zg + D(s)%
(1.10)
2'(s) = C'()z0 + 5'(s)ey + D'<s>i—f |

The solution of D(s) with Dy =0 and D} =0 is

D(s) = S(s) /O daﬁ(](a) —O(s) /0 da%S(J), (1.11)

and in the inhomogeneous case, the form of the transfer matrix is

x C(s) S(s) D(s) xg
v =Cs) Ss) D'(s)| | x| (1.12)
op/Po 0 0 1| [6p/po

The solution of the homogeneous Hill Eq. ([1.5) can be found also by using

Floquet’s theorem, which provides the following form

u(s) = /2JB(s) cos(¢(s) + o) with u = {z, z}. (1.13)

The trajectory function u(s) describes a transverse oscillation about the closed
orbit, the so-called betatron oscillation [3]. The quantities J and 1), in Eq.
are constants determined by the initial conditions, 1/2.J/3(s) is the amplitude of
the oscillation, and (¥(s) + 1) its phase. 3 is one of the three Twiss parameterf]
called beta function or amplitude function.

Remembering that the quadrupole focusing strength k(s) is periodic with the

same period of §(s), it is possible to define the betatron tune:

Nr. Oscillation Periods 1 L ds

= = — h = . (114
Accelerator Circumference 27 Jo Bu(s) where u=2,2. (1.14)

Qu

23 is the Twiss parameter that defines the other two: a = —f3'(s)/2 and v = (1 + «)?/8.
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The betatron tune is defined by the quadrupole arrangement in the machine.
The horizontal ), and vertical (), tunes define the so-called working point of an

accelerator and they values should be chosen to avoid resonances [

Emittance

The general solutions of the Hill equations, written as a function of (s), describe
the fact that a particle with stable motion in an accelerator follows an ellipse in

the phase space (u,u’):

u(s) = /2JB(s) cos(ib(s) + o)

(1.15)
u'(s) = 62(:1) (sin(e(s) + 1))
By squaring the two previous equations we obtain:
2J = y(s)u?(s) + 2a(s)u(s)u'(s) + B(s)u*(s) = € (1.16)

where a = —f3'(5)/2, v = (1 + a)?/8 and 2J is the Courant-Snyder invariant, J
being the action, which is equal to the emittance €. The Eq. (1.16]) represents an

ellipse in the phase space (u,u’), whose area is A = 27wJ = 7e (see Fig. [1.2)).

a2

d/re/Mo—

V2J/y
V2JB

Figure 1.2: The Phase-space ellipse described by the particle motion in (u,u').

3For an nth order resonance the particle’s trajectory will be closed after n turns, amplifying

the effect of the magnetic imperfections.
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Thus, the emittance can be defined as the area of the phase-space ellipse divided
by 7. Considering an ensemble of particles in the beam, the beam emittances is
obtained by averaging the emittance of the individual particles. Given that the
particles are generically Gaussian distributed, it is customary to consider values
of the beam emittance obtained by considering a representative particle with an

amplitude corresponding to one rms of the beam distribution.

1.1.2 Longitudinal Dynamics

The first particle accelerators arose by exploiting the ability of the electric field
to accelerate or decelerate charged particles. The initial idea was to insert the
particle in an area subject to a electric potential difference that would allow the

particle to increase its speed [4].

Figure 1.3: Schematic representation of a Radio Frequency cavity.

Figure [1.3| shows a typical acceleration cavity called Radio Frequency cavity in
which a variable electric field is present. Across the gap, g, the amplitude of the
RF voltage is Vg and the particle crosses the gap at a distance r. In this system,

the energy gain is

9/2
AE:e/ E(s,rt)-ds, (1.17)
—9/2

where E(s,r,t) = Ey(s,r)- Ey(t) is the electric field in the cavity gap. If we consider
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a simplified model in which

Ei(s,r) = Ver _ constant (1.18)
g
Eg(t) = sin(wRFt + gbo), (119)

for t =0, s = 0 and v # 0 parallel to the electric field, the energy gain becomes
AE = eVReT, sin ¢, (1.20)

where T, is called the transit time factor. The latter is related to the time required
to fill the cavity with the electric field, and it is defined as

_ sin (wrrg/2v)

T, = 1.21
WrFY/2v ( )

Thus, the transit-time factor conveys the effective acceleration voltage available,
and for ¢ — 0, T, — 1, highlighting the importance of sufficiently narrow RF
cavities. Now, it is evident how the longitudinal motion is strongly correlated to
the synchronisation between the particles and the acceleration system. Thus, for

the latter to be synchronised, the following synchronism condition must occur

frev - fRF/h (122>

The ratio between the RF frequency and the revolution frequency must be
equivalent to the harmonic number, which indicates the maximum number of beam
bunches it is possible to load into the accelerator.

At this point, we consider that a particle beam is never mono-energetic, but
rather distributed around the nominal value of the momentum. Thus, we define a
factor that binds the momentum variation, Ap, to the trajectory variation of the

particles, AC, the momentum compaction factor a;

Ap AC
—a, = —. 1.23
p p C ( )
Hence, for momenta greater than the nominal one also the particle trajectory
will be longer. The revolution frequency is defined as frey = v/C. Keeping in mind

that for lower energy the velocity will increase faster than the trajectory, while at
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higher energy the velocity will be almost constant (v ~ ¢), we can affirm that there
is an energy for which the variation of speed is balanced by the variation of the

trajectory called transition energy and defined as

Ver = m. (1.24)

Figure represents the longitudinal periodic motion of particles in an acceler-
ating bucket around the nominal phase, for a beam energy below the transition
energy. This kind of motion is called synchrotron oscillation and is caused by the

distribution of particles” momentum around the nominal value Ap/p = 0.

6>0
/

Figure 1.4: The principle of synchrotron oscillations for relativistic particles
(v~ ¢), where § = Ap/p. The effect of a momentum deviation different from zero

is illustrated [3].

An ideal on-momentum particle follows the orbit fixed by the construction of
the machine, and has a nominal phase ¢, called synchronous phase. A particle
with a lower momentum Ap/p < 0 will travel a smaller path, arriving earlier in the
cavity and thus seeing a larger voltage in the RF cavity. This will then compensate
for the lack of energy, and step by step it will approach the ideal particle. Lastly,
a particle with a higher momentum Ap/p > 0 will travel a longer path seeing a
smaller voltage in the cavity and again step by step will approach the ideal particle.

In conclusion, the effect of an oscillating longitudinal electric field is twofold: on
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the one hand, it provides the energy needed to accelerate the beam, and on the
other hand, it is also generating a longitudinal focusing of the beam particles.
Figure shows a stationary (left) and an accelerating (right) bucket. The
separatrix is shown in red and separate the phase space in two regions: a stable
one (inside the separatrix and around the origin) and an unstable one (outside the
separatrix), The number of buckets along the ring circumference corresponds to

the harmonic number h.

9,=0° 9, =30°
@) PN &
T &4 Z1amin _\J%

Figure 1.5: Phase-space portrait for stationary (left) or accelerating (right) bucket
[5].






Chapter 2
Particle colliders and Luminosity

Since the beginning of the XXth century, particle accelerators have been an
indispensable tool for research in high-energy physics. In this field, circular accelera-
tors outperform linear accelerators thanks to their higher acceleration performance,

thanks to the multi-pass feature.

1000 TeV —

100 TeV |-

Proton Storage Rings
10TeV [ (equivalent energy)

1TeV |-

Proton
— Synchrotrons

10 GeV

Particle Energy

Electron Linacs
Synchrocyclotrons

B Proton Linacs

Sector-Focused

100 MV Cyclotrons

Electrostatic
42— Generators
10 MeV/

Rectifier

1 Mev Generators

1930 1950 1970 1990
Year of Commissioning

Figure 2.1: A Livingston plot showing the evolution of effective accelerator energy
from 1930 to 1990 [6].
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Y

Figure shows a Livingstone plot reporting the time evolution of accelerators
performance [6].

Today, nuclear and subnuclear physics experiments are performed mainly using
large particle accelerators and can be divided into fixed-target experiment and
colliding-beam experiment. The former is mainly used for nuclear physics, while
the latter for subnuclear physics, where the energy available for the new processes
production plays a fundamental role. The higher centre-of-mass energy will enable
the discovery of heavier particles, still unknown, or the determination with high
accuracy of the properties of known heavy particles. The highest centre-of-mass
energy can be achieved only thanks to particle collider (e.g. the CERN LHC), as
can be highlighted thanks to some kinematic calculations [7].

If we consider a collision between two particles of masses m; and my the total

centre-of-mass energy, F..,, can be expressed as
(p1+p2)® = B2, = (Ey + E2)* — (§h + pa)?, (2.1)

where p; is the two 7th particle four-momentum, F; is its energy, and p; its linear

momentum. In case of a fixed-target experiment, po = 0, and thus

Ecm = \/m% + m% —+ 2m2E1,laba (22)

where E 151 is the total energy of the first particle in the laboratory reference frame.

For a colliding beam experiment, p; = —ps, and thus
Ecm = El + EQ. (23)

Hence, if we consider for instance two protons accelerated up to 7 TeV, in a colliding
beam experiment the centre-of-mass energy will be 14 TeV, while in a fixed target
one it will be about 115 GeV.

While the centre-of-mass energy determines the mass of the products of a
collision, the luminosity determines the number of events after a given period of
time. The luminosity is defined as
_ dR/dt

Op

L [em™2s7], (2.4)
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where o, is the cross section of the physical process under consideration and dR/dt
represents the interaction rate. From that it is possible to define the total number

of events collected during a data-taking run as

T
N, = ap/ dt L(t) = op Lint, (2.5)
0

where T is the total time for physics and L;, is the integrated luminosity, usually
measured in fb™" (i.e. 10 cm~2) [3].

The processes studied in present experiments have smaller and smaller cross-
sections, i.e. lower than the nanobarn. For this reason, it is necessary to increase
the luminosity to maximise the number of events collected, N,, to achieve an

appropriate statistics in a reasonable time.

2.1 The CERN LHC

The CERN LHC is located in the accelerator complex of CERN (Conseil Europé
en pour la Recherche Nucléaire) on the Swiss-French border near Geneva. It is the
largest and most powerful particle accelerator currently in operation, and it works
mainly with proton-proton collisions, but it is also used as ion collider.

The LHC was designed to reach a centre of mass energy of 14 TeV, and for this
reason, proton beams must pass through an injector chain (shown in Fig. that
allows them to gain more and more energy [§].

During Run 2 operations (from 2015 to 2018), the proton source was obtained
by subjecting hydrogen to a very intense electric field that ionises the gas, leaving
only protons at 50 MeV of total energy at the inlet of the linear accelerator LINAC2
[9]. Here the protons were accelerated up to 160 MeV and subsequently entered
the first circular accelerator of the injector chain, the Proton Synchrotron Booster
(PSB), which accelerated them up to 1.4 GeV. The PSB and the following Proton
Synchrotron (PS) ring determined the bunch train structure of the beams so that
it was compatible with the LHC RF system. The PS accelerated protons up to
26 GeV, and then the Super Proton Synchrotron (SPS) accelerated them further up
to 450 GeV. In the end, LHC accelerated each beam up to 7 TeV. During the Long
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Figure 2.2: The CERN accelerator complex in use during Run 2, showing the

path of protons and ions at the injection (the accelerators are not drawn to scale)

[2].

Shutdown 2 (LS2), from 2019 to 2020, a massive improvement program called LHC
Injectors Upgrade (LIU) was put in place [10]. Hence, the injection chain described
above has been modified by replacing LINAC 2 with LINAC 4 and updating PSB,

PS and SPS considering the new working conditions expected for high-luminosity
LHC.

LHC is built in an underground tunnel of about 27 km in circumference at
about 100 meters depth, and, as shown in Fig. [2.3] it consists of 8 arcs interspersed

with rectilinear insertion regions (IRs). The insertion regions contain both the
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Figure 2.3: Schematic of the LHC rings [11].

interaction points (IPs), where the two LHC beams collide and some accelerator
systems [12]. In the interaction points IP1, IP5, IP2 and IP8, we find respectively:
ATLAS and CMS, the two LHC detectors that work in conditions of high luminosity,
Lpeax = 2- 103" cm™2s7! [13] (obtained by colliding the beams completely head-on
and keeping /3* as small as possible); ALICE and LHCb, which instead work with
a much lower luminosity than their colleagues, LALICF = 1103 em=2s7! and
LEACY = 2.10%3 cm =271 [13)].

Each LHC arc consists of 23 cells 106.9 m long, schematically represented in
Fig. 2.4l Each cell is composed of six dipoles and two quadrupole magnets, plus a

number of ancillary magnets that are supposed to correct the closed orbit, the tune,

the linear coupling, the chromaticity and the non-linear field quality of the dipoles.
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106.9 m

I JM@I-i--J

Figure 2.4: Schematic layout of an LHC arc cell. MBA/B are the bending dipoles,

MQ are the focusing quadrupoles (both superconducting). The smaller magnets in

between are dipolar (orbit), quadrupolar (tune) and higher order correctors [14].

2.2 Luminosity Computation

It is possible to derive the expression of the luminosity in terms of the collider
parameters. Colliders typically use bunched beams, thus, Fig. 2.5 sketches the case
of two colliding bunches moving through each other [7].

50)
ntzpzvﬁijsﬁ

Figure 2.5: Schematic view of the interaction of two colliding beams.

In the considered case, the overlap integral of the two distributions is propor-

tional to the luminosity as follows

“+oo
L= nanK / / // dxddedSO pl(xa Y, S, _SO)pQ(‘Ta Yy, s, 80)7 (26>

where sy = ct, K = \/(v1 — va)2 — (v1 X v2)2/c? is the kinematic factor, which is
equal to 2¢ for symmetric colliders, i.e. vi = —vy and vy x vo = 0 [15], and p;

and py are the time-dependent, normalised beam density distribution functions, n;
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being the number of particles in the ¢th bunch.

At this point, considering only head-on collisions, i.e. vi = —va, of equal beams,

with uncorrelated Gaussian density distributions, we obtain

20115 fronk e
T (Vor 2”1722J; 2b 2////dxdyd3d30€ Fe Ve Fe o (2.7)

where f.o, is the revolution frequency, &, is the number of colliding-bunch pairs, o,

is the rms bunch length, and o7, represent the transverse rms beam size at the
interaction point.

Integrating the previous equation, considering that

/_ gy Vr/a (2.8)

[e.9]

we obtain the following expression for the luminosity

n1n2frevkb

I —
drotor

, (2.9)

Y

that can be rewritten in the following form, considering that oy = o = 4/ B/

ning frev kb'yr

I —
4 fB*e

(2.10)

*

where 7, is the relativistic factor, * is the amplitude function in the interaction
point and ¢ is the emittance. Thus, to increase luminosity, there are several
possibilities: the amplitude function (or g function) could be kept small, the
number of particles per bunch or the number of bunches in the machine could be

intensified, and finally, the total energy could be increased [16].

2.3 Reduction Factors

Equation (2.10]) represents the maximum luminosity value that can provide an
ideal collider. This value, however, might be lowered by some effects, which occur
in real machines. There are principally three additional effects that we need to

consider: the crossing angle, the collision offset, and the hourglass effect.
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2.3.1 Crossing Angle

The crossing angle is a voluntarily-inserted effect needed to avoid unwanted

collisions outside of the designated interaction point [16].

X
xl.‘g o :EQ

S1

Figure 2.6: Rotated reference system for collision at a finite crossing angle with a

schematic view of two beams colliding.

Assuming that the crossing angle is in the horizontal plane (as displayed
in Fig. 2.6), we can evaluate the overlap integrals performing a co-ordinates
transformation [7]. From x — s, we go to x; — s1 for Beam 1 and x5 — sy for Beam

2, where

x1 = xcos(¢p/2) — ssin(¢/2) s1 = scos(¢/2) + zsin(¢p/2)
Ty = x cos(¢/2) + ssin(¢p/2) Sg = scos(¢/2) — xsin(¢p/2).

In this situation, the overlap integral becomes

—+00
L=A / / // dxdydsdsg Plx(ﬂfl)ply(yl)ms(sl —80)P2x($2),02y(y2),025(82+50),
(2.11)
where A = 2 cos?(¢/2)n1ns frevkn, and 2 cos?(¢/2) is the kinematic factor for bunch

velocities which are not collinear. Computing the previous integral, considering
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> 2—(16
that / e~ (WHHI G — [ fae” " | leads to
—0o0

n1n2frevkb

k) %
dmoyoy

L= (2.12)

where F. is the reduction factor for the crossing angle, which for small crossing
angles and o, >> o}, assumes the form

1
Fo= (2.13)

1+ (29)2
¢

where 7=7 is called the Piwinski angle.

8%

2.3.2 Collision Offset

The collision offset can be voluntarily introduced in the machine to perform
some measurements or to adjust the trajectory of the beams, but it can also arise

spontaneously as a result, e.g. of ground motion or beam-beam effects [7].

p2(x7 Y, S, 50)

p2($7 Y,s, SO)

Figure 2.7: Schematic view of two bunches colliding with a transverse offset Ax

in the horizontal plane.

In Fig. is presented the simplest case of transverse offset of colliding beams,
where the reduction factor F, is

A 2
F, =exp (—4;;). (2.14)

T

It could also happen to have both crossing angle and transverse offset. In this case,
in addition to the two reduction factors, F, and Fj, it is necessary to add to the
luminosity expression a relative factor,

( Az ;in(;b/2) )2
sin?(¢/2) + cos2(¢/2)

*2 *2
o Og

F._o=exp (2.15)
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2.3.3 Hourglass effect

Equation (2.10) assumes that the beta function is constant and equal to 5*
along the longitudinal direction, s. However, this assumption is correct only if
B* >> o4, otherwise, for * ~ o4, the variation of the beta function along the

longitudinal direction cannot be neglected anymore and it is

1+ (5)1 , (2.16)

should be taken into account, as it implies a luminosity reduction described by the

Bls) = p°

reduction factor F}. In this case, the luminosity can be expressed as

o nanfrevkb COS((b/Q) +oo 6_82*’4(5)
L= 4#0;0; . Vo /_Oo 81_’_(5/5*)21 (2.17)
P,
where . 2<¢/2>
sin
A= G /5 (218)

The hourglass reduction factor cannot be computed analytically, and it has to be
computed numerically, and some examples are given in Table 2.1} Considering the

relation between the beam size and the beta function,

2
S
%A$=ﬂy1+(*),

z,Y

also the beam size is not constant but increases approximately linearly with the
distance from the interaction point.

In Fig. the beta-function variation with respect to the distance from the
interaction point is shown for two values of 5*. From the plot, it is also possible to

understand why this effect is called the hourglass effect.
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Figure 2.8: Schematic illustration of the hourglass effect. The beta function is

plotted for two values of 5*.

Table [2.1{shows how the previously described effects impact the LHC luminosity

production using the nominal beam parameters [16].

Table 2.1: Typical values of LHC parameters and the corresponding reduction

factors [14].
Effect Reduction Factor F

Crossing Angle F. =084 ¢ =285 urad | oy =7.5cm

Collision Offset F,=1 Axr =0
F,=0.779 Azr = 1o
F, =0.368 Axr =20
F, =0.105 Ax = 30
F, =0.018 Axr =40
F, =0.002 Az = 5o

Hourglass =1 pB*Jos > T LHC
F, =09 p*|os ~ 2 HL-LHC

For typical LHC parameters, the crossing angle effect consists of a reduction
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in luminosity of about 16%. However, as planned for High Luminosity LHC, crab
cavities can reduce the impact of crossing angle on integrated luminosity, and
Fig. 2.9 shows their working scheme.

- -

Crab Cavity Crab Cavity

Crab Cavity Crab Cavity

- -

Figure 2.9: Concept of crab crossing scheme using RF cavities to maximise the

bunch overlap at the collision points [17].

Moreover, looking at the table, it is evident that the collision offset effect
becomes more and more intense as the distance between the beams increases.
Lastly, the hourglass effect comes into play only when working in high luminosity

conditions, i.e. with a very small §*.

2.4 Beam-Beam Effects

Another phenomenon that impacts on the luminosity is the beam-beam interac-
tion, as already mentioned in section [2.3.2]

A beam consists of a large number of charged particles and therefore each bunch
exerts a force on the charges of the other beam, and the particles in each bunch are
also interacting between them [18], although this effect is supposed to be negligible
at the collision energy of modern colliders. To study the beam-beam force, we

consider a bunch with Gaussian charge distribution of the type

NG —(Zy 4ty
e 20% 205 20% , (219)

p(x,y,2z) = Treq



2.4 Beam-Beam Effects 23

and the electric potential in the beam’s rest frame is given by

2
z y
2%+t + 207+t + 20‘2+t )

.y, d . 2.20
#e 8% / t\/202 £)(202 4+ t)(202 + t) 220

From the last equation, we can derive the transverse electric field considering that

E(z,y,2) = —Vo¢(z,vy,2). (2.21)

To simplify the calculations, from this moment on we will consider round beams,

i.e. with o, = 0, = 0. In this approximation, the charge distribution becomes

IQ 2
g ()

e (2.22)

where n is the charge line density in the lab frame, and the radial electric field is

given by the Gauss theorem

drrEy = L [ T ety My /207 (2.23)
€ Jo 2702 €0

Similarly, for the magnetic field

21By = ,uo/ dr'27r! Bep(r'). (2.24)
0

At this point, the force of the bunch on a single test particle in the other bunch is
given by
F =q¢(E+v x B) =q(E, + BcBy)t, (2.25)

which, using egpo = ¢~2, corresponds to

ng*(1+ 4?)

__—r%/20?
Treon 11 ¢ ). (2.26)

F, =

The graph in Fig. [2.10| represents the trend of the radial force as a function of
the ratio r/o. In the orange shaded area we have the situation of particles nearby
the beam centre, i.e. r << o. In this case, the particle will experience a linear
defocusing effect with a gradient
ng*(1+ %)

4dmego?

ky = ky = (2.27)
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Beam-Beam Force
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Figure 2.10: The blue line in the graph represents the trend of the beam-beam
force, y(r/o) = (1 — e "*/27*) /r. The force is represented in arbitrary units. The
orange shaded area indicates the linear behaviour of the force, while the green ones

the deviation from the linear behaviour.

that generates a linear tune shift. Otherwise, the green shaded areas represent
particles far from the centre, i.e. r >> ¢. In this case, the effect is non-linear and
it manifests as an amplitude-dependent tune shift, and for a bunch with many
particles as a tune spread. This might bring to a poor beam lifetime and a growth
of the emittance that leads to poor luminosity lifetime.

Particles that experience the linear effect are subjected to a quadrupole-like kick.
This kick can be evaluated considering the two-dimensional force and multiplying
it with the longitudinal distribution

nq2(1 + ﬁQ) 1— €_r2/202][

~(stvt)?/20% 2.28
dreqosr ¢ ] ( )

F.(r,s,t) =

Now, integrating F,.(r, s,t), we find the radial deflection

1 +oo 2
Ar' = / dt Fy(r,s,t) = —20[1 — ¢=r°/20%) (2.29)
mefy J_o r
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where ry = €*/4megmc? is the classical particle radius. For small amplitudes, the

asymptotic limit is

Ar'], 0 = n_r(;r = kr, (2.30)
yo

where k is the gradient induced by the beam-beam force, which is equivalent to
the action of a thin lens element of gradient k, which has the effect of changing the

tune of a quantity
L B*nrg 1 nro

A = — —
@ 4 o2 4 ~e’

(2.31)

that corresponds to the so-called beam-beam parameter &.
In conclusion, we can write the luminosity in terms of the beam-beam parameter
so to make it explicit the impact of this interaction on the luminosity

_ kfrewn
YA

where, for beam-stability reasons, the beam-beam parameter ¢ should be much

L &, (2.32)

smaller than 0.5.

What we have seen so far is related to a single-particle in a bunch, i.e. we have
considered the incoherent effect of the beam-beam force, but beam-beam interaction
acts also coherently on the entire bunch. In this case, if opposite bunches interact
at a certain distance, each of them experiences a dipolar kick generated by the
other bunch.

In the LHC, the configuration of the collisions (see Fig. provide both
head-on and long-range beam-beam interactions. In the latter case, the beams are
affected by a dipolar kick and by the non-linear effects of the beam-beam force

previously described.

2.5 Luminosity Measurements

The knowledge of luminosity is fundamental to provide a means of calibrating a
physics detector and to optimise the machine operations. To reach this knowledge,

different measurement methods exist. We can start by considering that

(2.33)
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where R, is the interaction rate of a reference collision process and o, is the
reference process’ cross-section [19].

Therefore, if we consider a known process, whose cross-section is known with
a good precision (as can be any QED process for lepton colliders or inelastic pp
collision for hadron ones), we can derive the luminosity indirectly by measuring
the event rate Ry.

The simplest method to measure the event rate is the Event Counting method,
which implies the determination of the fraction of bunch crossings during which a
determined detector records a reference process. This type of measurement refers
to the relative luminosity, i.e. the relative variation of the instantaneous luminosity
over a certain time interval.

It is also useful to measure the absolute luminosity, which is the luminosity
expressed on an absolute scale at a certain point in time. The absolute luminosity
is linked to the relative luminosity by means of a calibration constant, which in
the case of Eq. is the cross-section o.s. However, the absolute luminosity
calibration may also depend on other parameters, such as beam profiles. The
latter can be evaluated using the wire scan technique, in which a thin wire is
moved through the beam and its interactions with the beam are detected by some

calorimeters and give the needed signal [12].

Another possibility to measure both the luminosity L, and the total cross-section
Otot 1S to consider an elastic scattering of protons and apply the Optical Theorem

[7]. The optical theorem states that

. dO’el . 2 O-tzot . 1 dNel
lim === (P36 = T o

where o is the elastic cross-section, p is the ratio of the real to imaginary parts of the

(2.34)

scattering amplitude evaluated at the vanishing momentum transfer, (dN/dt);—o
is the differential elastic counting rate at small momentum transfer and o, =
Oel + Tinel = 4mIm f(t = 0) is the total cross section with f the scattering amplitude.
From the previous equation, we have that the luminosity is equivalent to

(1 + p2) (Ninel + ]\/'el)2
167 (dNa/dt)iey

L= (2.35)
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where Ni,e + N is the total number of events, and the total cross section assumes

the form
Ninel + Nel

7 (2.36)

Otot =

2.6 Luminosity Evolution

During a fill, i.e. the time when the beams are made to collide, the luminosity
does not remain constant. The collisions cause the decay of the beam intensity,
which results in luminosity decay. To derive the expression of the evolution of
luminosity as a function of the machine parameters, we can consider round Gaussian

beams, i.e. with equal horizontal and vertical r.m.s. emittances, € = ¢, = ¢,, and

*

> neglecting reduction

equal beta functions at the collision point, 8* = 35 =
factors such as hourglass effect [20]. In this case, the luminosity is defined as

n% frev kb’)/r

I —
4 B*e

(2.37)

where we can define the total beam intensities as Ny, = nyky,.
Considering the burn-off as the only source of beam loss, it is possible to define
the rate of change of the beam intensity as

dV
d—tb = —owoenpL = —kNE(t), (2.38)
where oy, represents the total cross-section of the process, nip the number of

collision points and k = ot frevitipy:/ (4w 5*e). Assuming a constant emittance, the

solution of Eq. (2.38)) is

No
Np(t) = ——— 2.39
0 = e (2.30)
where Ny = Ny (t = 0) is the initial intensity and
1 473 N,
S mpe 0 (2.40)

HNO B O—totfrevnIPﬁ)/rNU B L(O)JtotnIP

is the beam lifetime. Thus, it is possible to describe the behaviour of the luminosity

decay as

L(0)

L0 =T i/mye

(2.41)
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and the integrated luminosity after a certain time t can be obtained as

t/Tb

Ty (2.42)

t
Lo = / ALt = 7 L(0)
0

In practice, the situation is much more complex, and effective models can be

devised. Several options are available: one is a generalised form of the solution of

Eq. €39 121
- MO (2.43)
(1+t/T)m
where L(0), 7 and p are the fit parameters, and a second one is a double-exponential

model [22] of the type
L(t) = aexp(—t/b) + cexp(—t/d), (2.44)

where a, b, ¢, d are the fit parameters. In the following, only the second model will

be used.

2.7 Luminosity Optimisation

As previously highlighted, luminosity is a key quantity to define the experi-
mental potential of a collider. In particular, to reach the required accuracy in
the determination of the new particles’ parameters, it is essential to increase the
number of collected events, Eq. , which is equivalent to maximising the inte-
grated luminosity. To this end, several non-excluding approaches are possible. For
instance, the machine parameters such as * and the crossing angle, can be varied
during the fill. Additionally, the length of the fill can be judiciously chosen taking
into account several parameters, such as the turn-around time, the probability
of a fill failure etc. The first approach was implemented during the LHC Run 2
operations, and it was one among several improvements that led to the considerable
progress, as shown in Fig. [23].

The following is a brief review of the current method used at LHC to pick up
an optimal fill time. In Fig. 2.12] a typical LHC operational cycle is represented,

and, here, it is possible to distinguish two different time intervals: one in which
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Figure 2.11: Integrated luminosity between 2011 and 2018 for proton operation
during Run 1 and Run 2 [23].

there is luminosity production, called fill time (¢;), and one in which the luminosity

is absent, called turnaround time ().

Stable Beams

Ramp Setup Injection Ramp Squeeze adj.
Down

Dump

%
R
\

Luminosity

Time

Figure 2.12: Example of the LHC operational cycle from the dumping of the

previous fill to the declaration of “Stable Beams” for the subsequent one [2].

The turnaround time includes the ramp-down phase, injection setup, injection
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phase, acceleration, collimation setup and §* squeeze, until the declaration of
“Stable Beams” [20]. Moreover, the turnaround time comprises also the time needed
to solve technical difficulties and the waiting periods due to nonavailability of
the injectors or of the LHC. With the goal of optimising the overall integrated
luminosity, it is necessary to maximise the average luminosity (L) of a complete

operational cycle of the collider [7]. Considering the luminosity evolution described

by (2.41]) we have that

153
(1 + tf/Tb)(tf + tta)’

<L> - M - L(O)

tr + tia

(2.45)

where N; is the number of fills in the run. The fill time can be chosen by the
operators in the control room, so we can consider it as a free parameter. At this
point, the optimisation of (2.45)) give us the optimum fill time,

P = V/Totia- (2.46)

For the LHC case, ti, ~ 10 h, 7, ~ 15 h and so > ~ 15 h [7]. Typically,
the operators in the control room choose the fill length, taking into account the
estimated optimal fill time (2.46])).

This thesis work focuses on enhancing the strategies used to determine the opti-
mal fill length taking into account realistic models for the luminosity evolution, the

turn around time, and other statistical factors that affect the simple considerations

used to derive Eq. (2.46)).



Chapter 3
Luminosity Evolution Data

Our analysis of possible optimisation strategies for the integrated luminosity
produced by the LHC is based on the data obtained by the ATLAS experiment
[24], as explained in this chapter.

3.1 The Dataset

From the ATLAS data directory [25] we extracted the luminosity data files,
each containing multiple entries of luminosity integrated over a short time interval

defined by the experiment. In Fig. is presented a segment of one of these files

for clarity.

Figure 3.1: Example of a part of a luminosity data file produced by the ATLAS

experiment.

1461365329 1 4.93401241302 0. 4.32383963915e-22 0.
1461365390 1 4.92993354797 0. 4.32501542323e-22 0.
1461365450 1 4.92800760269 0. 4.32793945664e-22 0.
1461365510 1 4.92684078217 0. 4.33191696087e-22 0.
1461365570 1 4.91852092743 0. 4.32738936732e-22 0.
1461365619 1 4.91928911209 0. 4.33022990553e-22 0.
1461365668 1 4.91526603699 0. 4.33076866742e-22 0.
1461365728 1 4.90638399124 0. 4.32616542505e-22 0.
1461365788 1 4.90047359467 0. 4.3252130049%e-22 0.

1461365823 1 4.88737773895 0. 4.31714424346e-22 0.

31
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Each file contains in order the UNIX timd]in which the luminosity measurement
took place, a stable-beam flag (i.e. a float value between 0 and 1 which corresponds
to the fraction of time spent in stable beams for this time bin), the luminosity
measured in Hzpb™', a point-to-point error on luminosity in Hzpb ™!, specific
luminosity in Hzpb™! and point-to-point error on specific luminosity.

By extracting from these files the UNIX times and luminosities, we obtain a

plot for each fill like the one shown in Fig. |3.2

Luminosity evolution of fill 5017

—— Luminosity Evolution
7000 A

6000 A

5000 A

4000 4

3000 A

2000 ~

Luminosity evolution [Hz/ub]

1000 A

0 20000 40000 60000 80000
Times [s] +1.4658000000e9

Figure 3.2: Example of luminosity evolution plot.

3.1.1 Fills selection

In [26] it is presented a report about LHC Run 2 fills divided per year (2016, 2017,
2018). Each fill is defined with particular types, e.g. physics, ions, special, rump-up,
and so on. For our study, we were just interested in physics fills, which, as the

name suggests, are the fills dedicated to the standard proton-physics experiments.

IUNIX time, i.e. in seconds since UTC Jan 1, 1970, 00:00:00, not counting leap seconds.
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In the following, only those fills that are defined as physics, and whose preceding

turnaround time is not affected by special events, such as faults or other issues are

retained.

3.2 Discriminating Data

Observing the various plots produced (as described in the previous section),
irregularities show up. For clarity, some significant examples are given in Fig. |3.3]

These irregularities can be caused by several reasons, but the principal one is the

Luminosity evolution of fill 5173 Luminosity evolution of fill 5872 Luminosity evolution of fill 7036
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Figure 3.3: Example of three fills (5173, 5872, 7036) luminosity evolution.

re-positioning of beams so to re-optimise the luminosity.

The goal of our preliminary analysis is to obtain a realistic and accurate model of
the evolution of luminosity that can be used to generate synthetic fills or extrapolate
existing fills beyond the actual fill time. The first step was to remove some of the
data from the measured luminosity curves to ensure that the final model was not

affected by artefacts in the luminosity measurement.

We performed the data selection by eliminating the null-luminosity values
(caused by the re-positioning of the beams or measurement issues) and the points
with a too high derivative (in absolute value). The results of this selection are
visible in Fig. 3.4
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Figure 3.4: Example of three fills (5173, 5872, 7036) luminosity evolution after

the data discrimination.

3.3 Fitting Data

Initially, the model selected to fit the data was the following:

f(t) = aexp(—bt) + cexp(—dt). (3.1)

This model allows a good empirical description of the luminosity evolution. a + ¢
represents the peak luminosity, while b and d are the time constants of the luminosity
decay [22]. At this point, it was necessary to normalise the time intervals due to
the considerable orders of magnitude included in the UNIX times, which are not
easy to manage for an exponential fit. Considering for each fill an interval of time
that goes from the minimum UNIX time, ty,,, , to the maximum one, ty,,,. , we

first re-scaled the UNIX times as follows:

ts =ty —tu

min

(3.2)

where ¢, is the rescaled time that goes form 0 to ty,,, — tu,,., and ty is the UNIX

time. Thus, the fitting model is

f(ts) = asexp(—bsts) + cs exp(—dsts) . (3.3)
We can define the normalisation of this rescaled quantity as ¢, = ts/ts,,,, obtaining
f(tn) =asexp(—bstuts,...) + ¢s exp(—dstnts,...) (34

=as exp(—byty) + cs exp(—dyty), (3.5)

70000 72000 74000 76000 78000 80000 82000 84000

+1.5336000000e9
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where b, = bt

Smax

and d, = dst

Smax *

In Fig. three examples (one for each year) of the double exponential fits are

shown.
Fill 5173 Fill 5872 Fill 7036
Smoothed data 140001 * - Smoothed data Smoothed data
Double exponential fit Double exponential fit Double exponential fit
X (2=4510.83097 X {P=5092.52798 7000 x {2 =251.24813
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5 S
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3 3
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Figure 3.5: Example of double exponential fit of three fills (5173, 5872, 7036)

luminosity evolution.

To understand if it was possible to uniquely describe each year thanks to an

annual model, the distributions of the fit parameters for each year were studied, as

shown in Figs. [3.6] and [3.8]
It is therefore evident that it is not possible to describe the set of fills studied

with a single model due to so different realisations of the same.

3.4 Other Fitting Models

During the analysis we considered also a three-parameter model and a two-

parameter model. The former has the following shape

()

= a(exp(—bt) + exp(—dt)).

The two-parameter model has the following shape

f(t) = aexp(—bt).

(3.6)
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Figure 3.6: Distributions of the fit parameters for the year 2016. On the x-
axis there are the parameter values while on the y-axis there are the normalised

frequencies.

The four-parameter model choice was taken observing the distributions of the
reduced chi square of the different models, as shown in Fig.

Figure [3.10] shows a further comparison of the three fit models chosen. On the
x-axis is shown the integrated luminosity measured at LHC, and on the y-axis is
shown the one obtained using the three fit models. In this case, if we look at points
perfectly aligned along the bisector of the graphs we can conclude that the models
interpolate the data very well and no bias is visible for most of the fit models (the

only exception is the two-parameter case in 2016).
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Chapter 4

Numerical Optimisation of the

Integrated Luminosity

Taking into account what we did in the previous chapter, we implemented
a numerical optimiser to probe what is the possible gain in terms of integrated
luminosity with respect to the collected integrated luminosity for each of the three

years of Run 2.

To this aim, we selected a number of fills for 2016, 2017, and 2018, describeing
how many and how they have been selected and tried to determine fill lengths that
maximise the total integrated luminosity for the year under consideration. The
optimisation is performed with the constraint that the sum of the optimised fill

lengths equals that of the actual fill lengths.

4.1 Optimiser Implementation

The algorithm is implemented using Python’s minimize routine. Since there
is no unique model able to describe all fills, to obtain the total luminosity L.

it is necessary to sum all single integrated luminosity. The latter is given by the

41
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integral of the fit function of each fill. The function to be optimised]] is therefore

N¢ t; bnl dni
Liot = Z dx |an, exp| — ? x| 4 cp expl — ? x|, (4.1)
P 0 7 %

where Nt is the number of fills considered in our study, k; = (tu,.. — tu..)is

t; € [0, k;] is the optimum re-scaled time, determined by the optimiser, and the
coefficients of the fits are the ones described in the previous chapter. The following

constraint
Ne Ne
dti=Y t, =0, (4.2)
i i

has been imposed to the optimiser, where ¢,, are the times that actually took place
at LHC.

4.2 Optimisation Algorithm

In general, with optimisation, we mean the choice of the optimal element
(depending on the purpose of the optimisation) belonging to a set of possible
candidates. Mathematically, this corresponds to determining the extreme value of
the function that we want to optimise, i.e. the objective function f(z), in a given
domain [27]:

Vf(z)=0. (4.3)

The solutions of this system are defined stationary points of the function, and can
be local minima, local mazima, or saddle points. In a case, like ours, of multivariate
optimisation, to check the nature of stationary points we need to analyse the

Hessian Matrix,

If the Hessian is positive definite the stationary point will be a local minimum, if it

is negative definite a local maximum and if it is indefinite a saddle point.

In a multivariate case, the analytical approach of finding the roots of the gradient is

TAs explained in section maximising Lot iS equivalent to minimise —Lo;. This actually is

what we have done considering that minimise is a minimising routine.
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hardly achievable. Instead, techniques, that start at some point of the co-ordinate
space and use different methods to move toward the function searching for minima,
must be considered.

For our study, we are interested in maximising the objective function. Note that
maximising f(x) is equivalent to minimising — f(z), this is why from this moment

on we will talk about minimisation.

Many multivariate optimisation algorithms have their roots in the steepest
descent method. If we consider the gradient of the objective function V f(x) in a
given point z, the negative gradient —V f(z) always points in the direction where
the function decreases the most. Thus, the steepest descent method provides a
strategy to move along the direction of the negative gradient by a certain distance

I, and iterate this strategy until reaching the local minimum:

Tyl = T — lka(xk), (45)

where [ is called line search parameter.

In this case, the multivariate optimisation algorithm chosen is the Sequential
Least Squares Programming (SLSQP) Algorithm, which deals with constrained

optimisation problems of the form
min, f(x)
subject to : ¢;(z) =0, j€€&
cj(xr) >0, jeI
W <wz; <wub;,, 1=1,...,N.
where £ and Z are sets of indices containing equality and inequality constraintﬂ

and [b; and ub; are the lower and upper boundaries for each optimal element.

Quadratic constrained optimisation problems with equality constraints are

defined as

- L 7 T
min f(z) = -z Hr+ 2" d
(@) 2 (4.6)

subject to : Jx = b,

2For the studied case, we considered equality constraints.
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where H is the hessian matrix of the function and J is the Jacobian matrix of the

constraints [28] . The Lagrangian of the optimisation problem is
1
L(z,\) = §xTH:E +afd+ N (Jx —b), (4.7)

where A is the Lagrange multiplier.

The necessary condition, i.e. the Karush-Kuhn-Tucker condition or KK'T, such
that z* is the solution of the optimisation problem, implies the existence of a vector

A* capable of satisfying the following system

H —J'| |z —d
= . (4.8)
J 0 A* b
If the Hessian matrix H is a positive definite matrix, then the unique solution of
Eq. (4.7) is (z*, \*).

In the sequential quadratic programming model, an optimisation sub-problem

is set to find the ideal step to move toward the function
Le+1 = Tk + CLklk (49)

where a5, € (0,1] and I is the solution of the optimal sub-problem [29]. The latter

can be defined as follows

min, V[T (zp)(x — ) + %(ZB — )T H(z1) (z — 21.)

subject to : s(zy) + Vs’ (z)(x — x1) = 0,

where s(z) = Jx — b, Vf(zy) = (0f)0z1,...,0f/0x)" |sms,,
Vs(zy) = (0s/0z1, .. .,08/0x,)T | 1=z, and H(zy) is the Hessian matrix of f(z).

In this kind of algorithms, penalty functions have the goal of simplifying the
optimisation problem. In fact, these functions introduce an artificial penalty for
violating the constraint. In our particular case (i.e. Eq. ) the penalty function
is

P(z,m) = %iL'THIL'—I—de—l-ﬂ'(JiE—i-b) (4.10)

where 7 is the penalty coefficient.
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4.3 Optimisation Results

The Fig. shows the results of the optimisation in which we had considered
the same number of fills and only let the optimiser change the times according to
the optimal ones.

In Table are shown the results of the optimisation for the total luminosity

of each year.

Table 4.1: Total Luminosity Results of Numerical Optimisation.

2016 | 2017 | 2018
LHC actual total luminosity [fb™] 18.48 | 28.67 | 35.72
LHC optimised total luminosity [fb™'] | 19.07 | 29.23 | 37.11
Relative increase 3.2% | 2.0% | 3.9%

We remark, that although the gain in integrated luminosity is not extremely
large, still it could be achieved at zero cost, simply developing the appropriate
strategy to determine on-line the optimal fill length (see next chapters).

The analysis presented so far assumed that the actual value of Ny was indeed
optimal. This assumption has been scrutinised by eliminating in succession one,
two or three fills (considering all possible combinations) and adding the times of
the deleted fills and the respective delivery times to the physical time. Thus, we
modified the Eq. as follows:

Ni—j Ni—j

Z t — Z by, — itta’k =0, where j=1,2,3 (4.11)
7 [ k

where ¢,, are the actual fill times and ¢, is the turnaround time of the removed
fills. In Figs. and are shown the results of this second optimisation.

From this analysis, it is possible to conclude that the initial number of fills was
the optimal one and what we have to change is the length of each fill according to

the optimal one.
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Figure 4.1: (left) Comparisons between the fill times that took place at LHC
during Run 2 (green plots for 2016, blue plots for 2017 and pink plots for 2018)

and the optimal fill times chosen by our algorithm; (right) Comparison between

the integrated luminosities/ of LHC Run 2 (green plots for 2016, blue plots for

2017 and pink plots for 2018) and the optimal ones obtained by our algorithm.
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Chapter 5
On-line Optimisation Strategies

This chapter presents the optimisation strategies that could be realised at the

LHC to increase the integrated luminosity.

The process of luminosity production is sketched in Fig. where the magnetic

cycle is shown and the main quantities are introduced.

FE ) tf ) tta

Injection |Start fill Start fill ?

End fill  'Injection
Figure 5.1: Sketch of the luminosity production process in a circular collider,

where E is the beam energy.

In this study, L(t) represents the evolution of the luminosity during a fill. Any
model can be considered, as the goal is to provide an optimised strategy to collect

luminosity in a circular collider once a model for describing the function L is given.

49
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The goal is to maximise the integrated luminosity, and, in a purely deterministic

case, this corresponds to maximising

te
Lon(ts) = N; / dt L(#)
0

T ke
- / dtL(t),
tta "‘ tf 0

where T is the total time for physics, t;, is the so-called turn around, i.e. the time

(5.1)

elapsed from the end a fill for physics and the start of the next one, ¢ is the length
of the physics fill. We remark that the second step in Eq. ([5.1]) deserves some care.

In principle, one should write

Coon(tr) = LZJ / L), (5.2)

where |-| stands for the nearest integer. However, under the assumption that

T > ti. + t¢, which is always the case in reality, one can simply consider the
form that will be correct with a high degree of accuracy.

Under these assumptions, the optimisation is performed by noting that L,y =
Lot (tr) and the maximum can be found by solving the equation

d'ctot
dt¢

=0. (5.3)

5.1 The L(t) model

We now define a model of the evolution of the luminosity to replace it in the
following calculations to derive an optimal fill time scale-law with respect to the
turnaround time. As presented in [30], the luminosity can be derived form the only
time-dependent beam parameter: the intensity M| Considering the burn off as the
only relevant mechanism for a time-variation, in case of round beams (€, = €, = €*)
and round optics (8; = B = %), it is possible to find
EN?

L(t) =
(® (1+ oimencENit)?’

(5.4)

IN; = kypn;, where n; represents the bunch population and kj, is the number of colliding

bunches.
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where oy, is the cross section for interaction of charged particles, n. stands for the
number of collision points and the two colliding beams have been assumed to be of
equal intensity (which is the best scenario as far as the luminosity is concerned).
The term = stands for

Vr frev

= ———F Qca Z *7
4dre* 5* ky, (6e; 02, )

where 7, is the relativistic y-factor, f.e, is the revolution frequency, ky, the number

[1]

of colliding bunches, €* is the RMS normalised transverse emittance, 5* is the
value of the beta-function at the collision point and the factor F' accounts for the
reduction in volume overlap between the colliding bunches due to the presence of a

crossing angle

F(b.,0,,0%) = 1/\/1—1—(%?), with o = \/5*¢* /(B ),

where o, is the longitudinal RMS dimension, 3, is the relativistic 5 and 6./2 is the
half crossing angle. At this point, assuming the simple case of equal intensities for
both beams, it is possible to obtain for the burn off part

N24= _ NE  eNifiet
(NithncUint + 1) B <C:frev 1 + €Nifrevt’

L) = [ a0 = (55)

where € = 0i,4n.Z/ frev- The next table shows the values of the above-mentioned

parameters for Run 2.
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Table 5.1: LHC Run 2 Parameters for the Luminosity Model [14] [23].

Parameters 2016 2017 2018
Lpeak [10%* cm™2s7] 14 2.1 2.1
Eream [TeV] 6.5 6.5 6.5
frev [kHz| 11.2 11.2 11.2

N [101] 1.0—-125|10-125|1.0—-1.25
g* [cm] 0.4 04—-03 | 03—-0.25
€* [um] ~ 2.2 ~ 2.2 ~ 1.9
Ne 2 2 2

oy [m] 0.102 0.102 0.102
Cint (10739 m?] 7.95 7.95 7.95
ky, 2220 2556/1868 2556
0./2 [urad] 185 — 140 | 150 — 120 | 160 — 130
Ve 6929.64 6929.64 6929.64
Br ~ 1 ~ 1 ~ 1
No. days of

physics operations 146 140 145

5.2 Optimisation with a fixed ¢,

A very first attempt of integrated luminosity optimisation can then be carried
out by solving the Eq. (5.3) or going through the Lagrange Multipliers method,
which is based on the Lagrange Multipliers Theorem.

If f,g € CYR?) and (Z,9) is a constrained critical point of f, with g(%,9) = c
and Vg(z,9) # (0,0), then it exists A € R (called Lagrange Multiplier) such that
[31)]:

Vi(E,9) = AVy(z,9)

In first approximation, it is possible to consider t, as given, and so the function
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to be optimised is

MMWZM/VM@
0

and the constraint function is

g(te, N¢) = Nitg + Nitia.

Thus, the system to be solved will be:

(
(P5) = A(52)

(245) = 3 (25

Nite + Nitiy =T
\

=

([ N:L(t;) = AN;

/ﬁﬁMU:Am+mJ

\thf + thta - T

(5.6)

(5.7)

where L(t;) is the integrable function of (5.6)) evaluated in ¢;. At this point, solving

the system, it is possible to find that:

Ny =~

te+ita

\

() = L(t¢) (considering that Ny # 0)

[ o = L+ )

Substituting equations ((5.4)) and (5.5)) in the system (/5.9)):

( =N2

A=

NZt=E

(14+0intncENjts)?

EN2

J— 1
(NitsEncoing+1) (1+0insncENits )2

(tf -+ tta)

(5.9)

(5.10)
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Solving the previous system is equivalent to solve the following equation:

N2=t N2Z(te + tia
Mgt NiE(itta) (5.11)
NineZoite + 1 (NinZEoinets + 1)?
whose real solutions for the optimal fill time ¢; are:
tta
topt ==+ (512)

where only the positive result has a physical meaning, and it is the one that
maximises our initial function . It is possible to conclude that, for relatively
consistent variations in the turn-around time, there will be rather small variations

in the optimal fill time.

5.3 Optimisation with a distribution of ¢,

At this point, it is possible to consider n values t;, distributing according to
a certain probability density function (p.d.f.), representing n realisations of the
turn-around time. In this case the function to be maximised is:
NA=
(NifEnCaint + 1)7

Lot () = n/olE dtL(t) =n (5.13)

which assumes that the fills should be of equal length although the turn-around

times are not, with the constraint
d titnt=T. (5.14)
i=1

One can assume to replace the sum of the numbers by a term n 7 so that

T
n = - (5.15)
T4+

and the optimisation of Eq. (5.13]) becomes of the same type as the problem ((5.1)).

In this case, indeed, the equation to be optimised is

Fnd) =n /0 ‘L) (5.16)
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and the constraint function is

g(n,t) = nt 4 nt. (5.17)

Thus, the system to be solved will be:

)
( (Wé;}f)) _ /\(89(81;5)) A= L(1) (considering that n # 0)
af (n,f dg(n,t ' :
() =A%) = 3 [ amm =i+ (5.19)
o )

which leads to a solution similar to the previous case (see Eq. (5.12))):

VT
— )
V NinC:Uint

topt - :t (5].9)

It can be checked a posteriori that the assumption of optimising the integrated

luminosity by using equal fills lengths is the correct one. In fact, in this case

121 7?2
cwt(fl,fg):(n—n/ dtL(t)+/ dt L(t)
0 0
5 i1 to
:M/ dtL(t)+/ dt L(t) |
0 0

T+t1

(5.20)

where the constraint (5.14)) has been adapted to this new case. The maximisation

of £t0t(f1, fQ) is obtained by considering as the function to be optimised

£1 £2
f(n,t1,15) = (n — 1)/ dtL(t) +/ dtL(t), (5.21)
0 0
and as the constraint function

g(n, tAl, {2) =nT+ mtl — 2?1 + 1?2. (522)
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Thus, the system to be solved will be:

(

(D)) — )\(ollnta)) /t AL(t) = A7 — 1)
0
(D)) — \(2linta)) i Py —
1 1 nhE) =L@ =An-n)
(Olndutaly — ) (Pulnne)) L(t2) = A o
[n7+(n—1)f =T |n=T/(r+1)
(5.23)

where is possible to verify that t; = £,.

Obviously, in the realistic case, the n values of the turn-around are not known
a priori, and the luminosity evolution model is not the same for all fills (as shown
in Chap. , which modifies the scheme previously described. Let us assume that
tj, 1 <j<iand fj, 1 <j <1i—1 are the turn-around times and the optimal fill
times, respectively for all the fills from 1 to i. The problem is to determine ¢; so to

maximise

A A i1 R fi T— i; t-—l—f-
ﬁtot(tz->t)=zﬁint(j)+/ dt L(t) + 2= (1 i
0

—i
;Zﬁzltjﬂ

where and additional optimisation parameter has been introduced, namely ¢, which

) /f At Linp (1), (5.24)

j=1

represents the optimum fill time of future fills. Here, L;; stands for the integrated
luminosity in a single fill. The third term in Eq. introduces a relationship
between t; and t. We remark that Ly, (¢) stands for the most probable value of
the function representing the luminosity evolution. It is clear that in case the
luminosity function is Gaussian distributed, the most probable value corresponds to
the average value. Such a value should be determined on the basis of the collection
of fills already occurred. Moreover the term

1 7
72
j=1

(5.25)
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is intended to provide the average turn-around time. The optimisation is performed

as follows:
. .
0L+ . 1 ¢
ot = L(t;) — 1z—A/ dt Lip(t) =0
8751 7 Zj:l tj +tJo

(5.26)

oL NN (g A 1 t
ot D) () - = / dt Linp(t) | =0.
o0 It o 23:1 ti+tJo






Chapter 6

Application of On-line

Optimisation Strategies

6.1 Preliminary Studies

Before applying the strategy proposed in Chap. 5| we carried out some prelimi-
nary studies. The first one is about the quality of the description of the luminosity
evolution reached by our fitting models. We did this by comparing the integrated
luminosity, as obtained from the models, with the actual value (present in the
summary files of the ATLAS data directory). We considered, from that moment
on, only those fills that satisfy the following condition:

|£Fit - CLHC|

<0.02, 6.1
Linc - (6.1)

where Lgy; is the fill integrated luminosity evaluated by the fitting models, while
Linc is the actual LHC integrated luminosity. To determine the value for the
selection criterion reported in Eq. , we performed the study shown in Fig.
It is clearly seen that for a selection threshold larger than 0.02 the amount of
discarded or retained fills varies only slightly, which explains the threshold selected.
Fig. shows how the models of the retained fills provide a good description of
luminosity evolution.

We also carried out a study on the stability of the fit parameters. The test is

29
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Figure 6.1: Plots of the convergence study for the selection criterion for the three

years of Run 2 (upper left 2016, upper right 2017 and at the bottom 2018).

carried out by performing the fit of the fill luminosity with the selected model by

changing the amount of measured data used in the fit procedure. The results are

shown in Figs. [6.3]

The on-line optimisation strategy, based on the solutions of Eq. ([5.26)), requires
the current-fill model, L(#;), and thus, the decision on its length should be taken

using the available set of data representing the luminosity evolution. The purpose

of this study is to assess whether there is a strong of the fit parameters on time
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Figure 6.2: Plots showing the distributions of the relative differences between
Lriy and Lpyc, for the years 2016 (top-left), 2017 (top-right) and 2018 (bottom).

A good agreement is clearly visible.

elapsed since the beginning of the fill. The results of this analysis are shown in
Fig. 6.3| where the dependence of the fit parameters b and d as a function of time
during the fill is shown for the three years. The different length of the various
curves is due to the difference in tg;. The observed behaviour is qualitatively the
same for the three years. The clear dependence on time of b and d is a sign that
the double-exponential model does not capture the full physics of the luminosity
evolution. This aspect will be investigated in the future by attempting different

models, e.g. the one discussed in Ref. [30].

We remark that the fit parameters a and ¢ do not feature any dependence on

time, as is expected, representing the initial value of the luminosity.
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6.2 Optimiser Implementation

The optimisation algorithm is implemented by solving Eq. [5.24] which corre-
sponds to solve the system shown in Eq. . The first step is the derivation
of an analytical model for the most probable luminosity, Ly,. To this aim, the
code performs a scan over time on all the preceding-year fills and evaluates the
mode, i.e. the most probable value, of the luminosity distribution at each time
value defined in the scan. For each new fill realised during the current year, the
algorithm updates the most probable luminosity, and performs a fit of it using
the double-exponential model, producing the analytical expression sought. Before
starting a new fill, the algorithm checks that the constraint is respected, which is
carried out by verifying that the sum of all turn-around times and fill times that
have been realised up to that moment is less than the total time set for physics.
It is worth stressing that the total time for physics in our simulations is not the
actual total time of the LHC physics run for a given year, but rather the sum of all
retained fills and the corresponding turn-around time.

The final step consists in finding the solution ¢ of the following equation:

. 1

L (f) — : /0 't L) = 0. (6.2)

%Z;:l tj+1

which is then used to solve

) 1 !
L(t;)) — ——— [ dtLn,(t)=0, 6.3
R ey R (©:3)

finding in the end the optimal fill time, ;.

6.3 Optimisation Results

We performed the simulation of the on-line optimisation on 2018 data, for
different knowledge levels of the luminosity fit models. We started considering a

case in which the fit parameters are determined using the full length of the fill, and
the results are shown in Fig. [6.4] (top) and Table [6.1]



6.3 Optimisation Results 63

Table 6.1: Comparison between the actual LHC data and the two optimisations

performed.
Complete | One hour | Five hours
Knowledge
Trnc [days] 57.3
Tonine [days] 53.6 57.2 55.0
TNum [days] 57.3
LEC Jday [ 0.61
L£30kme /day [fb™] 0.63 0.59 0.62
LAy /day [th™'] 0.63
Relative increase in L9311 /day 3.8% -3.0% 2.3%
Relative increase in LY /day 3.6% - -

The optimisation acts on the fill length and given that the trend is to reduce
it with respect to the actual length, the total time for physics is shorter than the
actual one. The top-left plot of Fig. shows that the distribution of the fill length
for the on-line optimisation is much more similar to that provided by the numerical
optimisation, compared to what occurred at LHC. Furthermore, the spread of the
distribution is also narrower for the on-line and numerically-optimised cases than
for the actual LHC case. Given the difference in effective length of the physics
run, the results in terms of integrated luminosity will be normalised providing the
collected luminosity per day. The overall gain of integrated luminosity per day is

about 3.8% for the on-line optimised case.

The results concerning the case in which the on-line optimisation is carried
out using the fill luminosity model derived from the data of the first hour are
shown in Fig. (centre) and Table [6.1)). In contrast to the previous case, the
distribution of the fill times has an average value that is larger than that of the
actual LHC case and is considerably broader. This feature is introduced by the
values of the luminosity models that, being evaluated over one hour, only, are not

accurate enough. This induces a net loss of integrated luminosity of 3%.
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Finally, we considered the case corresponding to the on-line optimisation per-
formed using the luminosity models obtained with five hours of data, and the results
are shown in Fig. (bottom) and Table[6.1]). As expected, the results of this last
optimisation are rather similar to those of the case of complete knowledge, although
the gain in integrated luminosity/day is 2.3%. In conclusion, we can say that the
on-line optimisation proposed provides a possible daily integrated luminosity gain
up to 3.8%, similarly to what happens in the numerical optimisation case (see
Chap. . The key to this encouraging result is the accuracy of the luminosity
model.

The actual implementation of the proposed on-line optimisation would consist
of an ad hoc software that continues to interpolate online the evolution of the
luminosity of the current fill. Combined with this, the on-line estimate of the
optimal fill time should be available for the decision on whether or not use it to
end the fill. This should allow us to achieve optimisation results compatible with

those of the case called complete knowledge.

6.4 Future Developments

The conclusions reached in this thesis are certainly encouraging, although
further investigations are needed before robust conclusions about the efficiency of
the proposed method can be drawn.

Future investigations have been planned, such as:

1. As mentioned in section [6.1], for years in which the machine parameters
change drastically (e.g. 2016 and 2017), we need to find a more complete way
to compute the most probable luminosity. Similarly, a strategy should be
devised for the case in which a bootstrap is needed, as there are no previous
fills to be used to predict the behaviour of future fills. This case corresponds

to the situation of a collider after the start up phase.

2. Using the preliminary studies on turn-around time statistics presented in

Appendix [A] generate runs with Monte Carlo algorithms for cases in which
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the optimised physics time is shorter than the expected (as in the case of

on-line optimisation presented in the previous chapter).

3. Devising more complex optimisation strategies like the one presented in
Appendix [B] which take into account the failure probability of a fill in the

optimisation of its duration.

4. Improve the modelling of luminosity evolution by using more refined physics

models. After that, machine learning techniques might be considered, too.
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Figure 6.3: Variation of the fit parameters (see Eq. (3.3])) as a function of the

amount of data used in the fit, which corresponds to the time elapsed during the fill.
The parameters b (left) and d (right) are shown for the 2016 (top), 2017 (centre),

and 2018 (bottom), respectively. The curves cover the actual fill length. The

observed behaviour is qualitatively the same for the three years.
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The graphs show the on-line optimisation results in the case of

complete knowledge of the fitting models (top), partial knowledge, i.e. with the

model determined with one hour of luminosity data (centre), and with five hours of
luminosity data (bottom). The left plots show the distribution of the actual LHC fill

times, of the on-line-optimised fill times, and of the numerically-optimised fill times.

The right plots show the distribution of the integrated luminosity in each fill for

the LHC run, for the on-line-optimised fill times, and of the numerically-optimised
fill times.







Chapter 7
Conclusions

In this thesis, we have shown the it is potentially possible to optimise the
collection of the LHC integrated luminosity only by implementing an appropriate
algorithm aimed at determining the optimal fill length (see Chapter 4| and @
The results reported in this thesis are not final, and a number investigations have
been outlined and will be part of future activities (see Section [6.4). These new
aspects should make the proposed approach more realistic and hence, the possible
improvements in the collection of integrated luminosity more reliable.

All in all, we believe that this line of research might bring some useful and
interesting outcomes with respect to the efficiency of the luminosity collection by
the CERN LHC.
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Appendix A

Statistics of the Turn-around Time

In this appendix, we analysed the data of LHC Run 2 concerning the turn-
around times of the years 2016, 2017 and 2018, excluding those that represent
exceptional conditions, and therefore negligible for statistical studies. [23] presents

an overview of Run 2 data.

A.1 Kolmogorov-Smirnov Test

The first step of data analysis was the execution of a statistical test of Kolmogorov-
Smirnov on pairs of samples [32]. These test statistics are used to determine whether
two distributions (e.g. F(x), G(x)) differ or whether an underlying probability
distribution differs from a hypothesised distribution.

Considering two independent samples, there will be two possible hypothesis:
Hy: F(z) =G(x)
H,: F(z) # G(x)

(A1)

In this case, there are three datasets to compare: the 2016 sample, the 2017 sample,
and the 2018 sample. The results of the test are shown in Table [A.T]

For this test, a significance level, 1 — «, of 95% was imposed, which entails o=
0.05.

71
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Table A.1: Results of the Kolmogorov-Smirnov test.

Samples 2016 - 2017 | 2016 - 2018 | 2017 - 2018
KS Statistics (Dy.,) 0.11 0.16 0.06
p-value 0.21 0.02 0.75

To interpret the results, first we observe the p-value: if the p-value is bigger than
« it is not possible to reject Hy, while if it is smaller the rejection is possible.

Looking at the obtained p-values, we have that:

1. p-value(2016-2017)> «: The distribution of the 2016 sample is the same as
that of the 2017 one;

2. p-value(2016-2018)< «a: The distribution of the 2016 sample is not the same
as that of the 2018 one;

3. p-value(2017-2018)> «a: The distribution of the 2017 sample is the same as
that of the 2018 one.

Secondly, we look at the statistics. A 95% confidence level critical value is

/1 1
Dcrit,0.05 = 1364/ — + — ; (AQ)
T, )

where nq and ns are the number of elements of the two studied samples. In this

defined as follows:

case, if the critical value D,,;; is bigger than the obtained statistics D, it is possible
to accept Hy, while if it is smaller Hy has to be rejected. Considering that n,; = 156,
ne = 194 and nz = 218, we have that:

D1 it ,0.05 = 0.15
D3 crit0.05 = 0.14 (A.3)
D3 it 0.05 = 0.13
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This means that:

1. D1 erit0.05 > D1t The distribution of the 2016 sample is the same of the 2017

one;

2. Dj it .05 < Day: The distribution of the 2016 sample is not the same of the
2018 one;

3. D3 ait0.05 > Dsp: The distribution of the 2017 sample is the same of the 2018

one.

In conclusion, it is possible to state that 2016 data seem to be distributed
similarly to the 2017 and similarly to the 2017 and 2018 data. However, for
the 2016 and 2018 samples, it is not possible to accept the hypothesis of equal
distributions. The latter conclusion can be linked to the consistent difference in
the number of objects in the two samples, and to the changes that are made to the

machine (i.e. LHC) from year to year.

A.2 Evaluation of the ¢, distribution

Knowledge of the statistical distribution of the turn-around time is essential for
building an optimisation strategy for the integrated luminosity, as pointed out in
section [5.3] For this reason, we analysed the data of the LHC Run 2 by producing
histograms that describe the distribution of the turn-around time, and by looking
for a model that would better fit them (see Fig. [A.1)). The first model chosen for
the fit of the experimental data is the exponential one with an offset, which is able

to represent rather well the tail of the data but not the peak:
f(z) = Xexp (— A(z — B)), (A.4)

The expectation value for this model is E[x] = e**/\. For the bad representation
of the peak, we have also considered a power law, which acts contrary to the

exponential, representing quite well the peak of the data and badly the tail:

(A.5)
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Finally, combining the two previous models, we have come to the following truncated

power-law model:

A
flz) = meXp(—)\x)a (A.6)

tmax
whose first momentum (i.e. the expectation value) is E[t] = / dt' f(t")t'.
tmin

In Fig. [A] it is possible to view all fits performed with the respective reduced

chi-square values, which are now also shown in the next table for greater clarity.

Table A.2: Results of the Reduced Chi-Square y? test.

Samples 2016 | 2017 | 2018
Power Law [x1074 1.4 5 7
Ezponential Law [x107% 7 9 6
Truncated Power Law [x107%] 2 5 6

Observing the Table [A.2] it is possible to state that the best fit is the one
obtained with the truncated power-law model. In Fig. [A.2] we have reported the
model chosen fit with the parameters (presented also in Table [A.3)) obtained for

the various years analysed.

Table A.3: Parameters from the fits of data.

Parameters 2016 2017 2018

A [ht'7 0.4+0.1 0.30£0.08 | 0.3£0.2
B [h] 2.000£0.005 | 20+£19 |15+0.1
n 0.7+0.7 0.5+06 |03+£09
A [h™1] 0.10 + 0.04 0.1£0.1 |0.2£0.2

Once the truncated power-law fitting model was established, we evaluated the
averages as shown in Table [A.4]
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Figure A.1: The fits for the 2016, 2017 and 2018 with the previously described

functions. All the plots present in the figure have been obtained with the 1mfit
python function.

Table A.4: Averages turn-around time for the years 2016, 2017, 2018.

2016 | 2017 | 2018
8.9 8.9 7.2

Average Turn-around Time [h]
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A. Statistics of the Turn-around Time
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Figure A.2: Plots of the data with the truncated power-law model for the turn-

around times distributions. All the plots present in the figure have been obtained
with the 1mfit python function.
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Appendix B

Failure Probability of a Fill
Optimisation Strategy

In this appendix we present the case in which we take into account the failure
probability of a fill. There are two options to proceed: assuming a constant failure
probability p, or assume a probability that depends on the fill duration p(¢¢), and

of course it is assumed that each fill is statistically independent.

In the first case, we can consider

Lot (ti,1) :Zﬁtot(})+(1—p)/0idtL(t)+/<a(1—p)“/0 dt Lyp(t), (B.1)

where

i—1 A ;
li(lf f) _ T— Zj:l (tj +tj) —t; = (1 _p>ti
’ %Z}:Jﬂrt

(B.2)

for simplifying the notation. Note in the estimate of the luminosity contribution
from future fills, we neglect the fact that in case of failure of the current fill, some
integrated luminosity might have been collected, and fj should be intended as the

actual fill length even if it might be shorter than the optimal value due to a failure.

7
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The optimal values t; and ¢; are the solutions of

§ .
0Lt - d[r (1 —p)"] /t
= =(1—-p) L(t;)) + —————— dt Ly, (t) =0
= Q) L)+ S [t Ly
(B.3)
a‘Ctot K 7 8[H(1 p)ﬁ] /t
W = k(1= ) L (D) + _ dt L (t) =0,
|5 = A L)+ S [t L)
which gives
( ? (1-p)
(1=p) L) — (1= p) T -[In(1—p)+1] =0
1 Zj:l t] +
4 (B.4)
_ i
L) — P2 [ 2,0) = 0.
\ i Zj:l tj+t Jo
In the second case, we should consider
o i1 ) ) s i
Lot (tist) = »Cint(j)‘f‘(l—p(ti))/ dt L(t)+x (1 — p(f)) /dthp(t), (B.5)
j=1 0 0
where - . o
o T () =t — (1= p(6)t
H(ti,t) _ 2371 ( J J) ( p( )) ’ (B.G)

% Z;’:l tj + ¢
and the solution can be found by taking the derivatives of Eq. (B.5)).



Appendix C
Developed Software

All codes implemented during the thesis work are available in the following

GitHub repositories:

1. Numerical Optimisation:

github repository clone GiuliaFaletti/NumericalOptimization

https://github.com/GiuliaFaletti/NumericalOptimization.git;

2. Optimisation Strategies:

github repository clone GiuliaFaletti/OptimizationStrategies
https://github.com/GiuliaFaletti/OptimizationStrategies.git;

3. Turn-Around Statistics:

github repository clone GiuliaFaletti/LuminosityOptimization

https://github.com/GiuliaFaletti/LuminosityOptimization.git.
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